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Abstract

We give linear-inequalities-based sufficient conditions for the unsolvability and solvability of the
NP-hard absolute value equation (AVE): Ax − |x| = b, where A is an n × n square matrix. The
satisfaction of the linear inequalities is easily verified using a linear program.
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1 Introduction

We consider the absolute value equation (AVE):

Ax− |x| = b, (1.1)

where A ∈ R
n×n and b ∈ R

n are given, and | · | denotes absolute value. As was shown in [14], the
general NP-hard linear complementarity problem (LCP) [2, 3, 1], which subsumes many mathematical
programming problems, can be formulated as an AVE (1.1). This implies that (1.1) is NP-hard in its
general form. There have been few results on the unsolvability of the absolute value equation such as
[14, Proposition 7] which can be derived as a special case of the nonexistence results presented here.
However, there have been numerous results on absolute value equations and inequalities which we briefly
cite below.

In [12] a primal-dual bilinear programming approach is proposed for solving the absolute value
equation, while in [11] dual complementarity is utilized as a solution method. In [8] a more general
concept of absolute value programming is introduced. In [7] absolute value equations are solved using
concave minimization, and in [9] solution is achieved by a generalized Newton method. In [10] the
knapsack feasibility problem is formulated as an absolute value equation and solved by successive linear
programming. In [13] the unsupervised classification problem is formulated and solved via a convex
inequalities formulation.

In Section 2 we outline the background behind our approach and in Section 3 we state our sufficient
conditions for the nonexistence of AVE solutions. In Section 4 we give sufficient conditions for the
existence of a solution to AVE. In Section 5 we briefly cite some numerical results. Section 6 concludes
the paper.

We describe our notation now. All vectors will be column vectors unless transposed to a row vector
by a prime ′. For a vector x ∈ R

n the notation xj will signify the j-th component. The scalar (inner)
product of two vectors x and y in the n-dimensional real space Rn will be denoted by x′y. The notation
A ∈ R

m×n will signify a real m × n matrix. For such a matrix, A′ will denote the transpose of A.
A vector of ones in a real space of arbitrary dimension will be denoted by e, while I will denote the
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identity matrix. Thus for e ∈ R
m and y ∈ R

m the notation e′y will denote the sum of the components
of y. A vector of zeros in a real space of arbitrary dimension will be denoted by 0. The abbreviation
“s.t.” stands for “subject to”.

2 AVE Solution and Dual Linear Programming Complementarity

We begin with the linear program:

min
x,y

0′x+ 0′y s.t. Ax− y = b, x+ y ≥ 0, −x+ y ≥ 0, (2.2)

and its dual:

max
u,v,w

b′u+ 0′v + 0′w s.t. A′u+ v − w = 0, −u+ v + w = 0, v ≥ 0, w ≥ 0. (2.3)

Remark 2.1. We note immediately that if x solves AVE (1.1) then x solves the primal linear program
(2.2) with y = |x|.

We further note that the following proposition gives a sufficient condition, in terms of an optimal dual
variable u of (2.3), which ensures that a solution of the primal linear program (2.2) solves AVE (1.1).

Proposition 2.2. Let (x, y) be a solution of the primal problem (2.2) and (u, v, w) be a solution of the
corresponding dual problem (2.3). Then:

u > 0 =⇒ Ax− |x| = b. (2.4)

Proof From the dual complementarity condition we have that:

v′(x+ y) + w′(−x+ y) = 0. (2.5)

Hence, if u > 0, then v + w = u > 0, which by (2.5) implies that either yi = −xi, or yi = xi, for
i = 1, . . . , n. Consequently since y ≥ 0, which follows by adding the last two constraints of (2.2), we
have that y = |x|. Hence by the first constraint of (2.2) we have that Ax− |x| = b. �

Note that the proof of the above proposition is based on a fundamental idea first utilized in [5,
Lemma 1] for solving a general linear complementarity problem by a single linear program.

We now make use of the above results to obtain nonexistence and existence of solution results for
AVE (1.1) in terms of the variables (u, v, w) of the dual linear program (2.3).

3 Nonexistence of AVE Solution

The following nonexistence result is based on a sufficient condition for the constraints of the linear
program (2.2) being empty, in which case AVE (1.1) has no solution. This is so because for any solution
x of AVE (1.1) we have that x and y = |x| satisfy the constraints of the linear program (2.2).

Proposition 3.1. If there exist (s, t) ∈ R
2n such that:

(A′ − I)s+ (A′ + I)t = 0, b′s+ b′t = 1. (s, t) ≥ 0, (3.6)

then the AVE (1.1) has no solution.

Proof As a consequence of (3.6) and by Gale’s Theorem of the Alternative [6, Theorem 10,page 33], it
follows that:

(A− I)x− b ≥ 0, (A+ I)x− b ≥ 0, has no solution. (3.7)



This (3.7) consequence of (3.6) holding can also be seen directly from the ensuing contradiction if (3.7)
had a solution x:

0 ≤ s′(A− I)x− s′b+ t′(A+ I)x− t′b = −1 + x′((A′ − I)s+ (A′ + I)t) = −1 < 0. (3.8)

By setting y = Ax− b in (3.7) we have that the following system has no solution (x, y):

Ax− y = b, −x+ y ≥ 0, x+ y ≥ 0. (3.9)

This immediately implies that AVE (1.1) Ax − |x| = b has no solution x, for if it did, then setting
y = |x|, we have that Ax − y = b, y = |x| ≥ x ≥ −|x| = −y, thus contradicting (3.9) not having a
solution (x, y). �

We give an example now that implements the theorem above.

Example 3.2.

A =





2 −5 4
−3 3 −2
6 −7 1





b =





−1
1
−1





By solving a linear program with a zero objective function and the linear inequalities of (3.6) as
constraints, or more directly, we have that s = 0 and t′ = [1 3 1] satisfy (3.6). Thus we have
that t′(A + I) = [0 0 0], t′b = 1 and the assumptions of Proposition (3.1) are satisfied. Consequently
for our Example (3.2), AVE (1.1) does not have a solution. To confirm that, we display the following
contradiction if for this Example (3.2) AVE did have a solution x satisfying Ax− |x| − b = 0 and since
by (3.6) t′(A+ I)x = 0:

0 = t′(Ax− |x| − b) = t′(−x− |x| − b) ≤ −t′b = −1. (3.11)

Our nonexistence result Proposition (3.1) includes that of [14, Proposition 7] which can be derived
as a special case of the nonexistence results presented here. Thus, if we add the assumption that
s > 0, t > 0 to the inequalities of (3.6) of Proposition (3.1) we get that upon defining r := s+ t:

(A′ + I)r = r + s− t = 2s > 0, (−A′ + I)r = s+ t− s+ t = 2t > 0, b′(s+ t) = b′r > 0. (3.12)

This then implies that:
r > A′r > −r, b′r > 0, (3.13)

which is the nonexistence sufficiency result of [14, Proposition 7].
We turn now to the existence of AVE solution.



4 Existence of AVE Solution

The existence of an AVE solution was already established in Proposition (2.2). We now give a more
detailed existence result as follows.

Proposition 4.1. (AVE Solvability) The AVE (1.1) is solvable if there exist (x, y) ∈ R
2n that solve

the linear program (2.2) and (u, v, w) ∈ R
3n that solve the dual program (2.3) such that:

u > 0, (4.14)

in which case x solves AVE (1.1): Ax− |x| = b with the following properties:

xi ≥ 0, for wi > 0, and xi ≤ 0, for vi > 0, i = 1, . . . , n. (4.15)

Proof Note first that y ≥ 0 follows from y ≥ x ≥ −y. Also, from the dual constraint (2.3) −u+v+w = 0
and the assumption here that u > 0, it follows that v+w > 0. Consequently from the complementarity
conditions:

w′(−x+ y) + v′(x+ y) = 0, u′(Ax− y − b) = 0. (4.16)

we have that:

Ax− y = b, wi > 0 =⇒ xi = yi ≥ 0, vi > 0 =⇒ xi = −yi ≤ 0, i = 1, . . . , n. (4.17)

Hence, y = |x|. Consequently Ax− |x| = b. �
We give now an example implementing the above theorem.

Example 4.2.

A =





3 2 1
−1 −3 −1
−1 0 1





b =





1
0
−1





For this example there is a dual optimal variable as follows:

u′ = [1 1 1], v′ = [0 1 0], w′ = [1 0 1]. (4.19)

Hence there is an AVE solution for this problem such that x1 ≥ 0, x2 ≤ 0, x3 ≥ 0. Consequently AVE
Ax− |x| = b can be rewritten as a linear matrix equation Ax−Dx = b, where D is a diagonal matrix
defined according to the signs of x as follows: D = diag([1 − 1 1]). Thus Ax−Dx = b is satisfied by
x′ = [1 ζ (−1− 2ζ)], ζ ∈ R, ζ ≤ −1/2 as a solution to Ax− |x| = b.



5 Numerical Results

Numerical implementation of our sufficiency results were carried out on ten solvable absolute value
equations each with n = 100. We utilized the CPLEX linear programming code [4] within MATLAB
[15]. The solvable absolute equations were easily generated by picking a random 100× 100 matrix A, a
random solution x ∈ R100 and then defining b = Ax−|x|. We note that because it is not easy to generate
large dimensional unsolvable absolute value equations, only solvable test equations were utlized.

When Proposition 3.1 was applied to each of the ten solvable absolute value equations, it gave the
result that there was no feasible point. Hence the sufficient unsolvabilty conditions do not apply, as
should be the case because each of the ten absolute value equations are solvable.

When Proposition 4.1 was applied to each of the ten solvable absolute value equations, it did not
give a positive multiplier: u > 0. Hence we could not independently conclude that each of the ten
absolute value equations is solvable.

6 Conclusion and Outlook

We have given sufficient conditions for the unsolvability and solvability of the NP-hard absolute value
equation Ax−|x| = b. These conditions consist of linear inequalities that can be easily checked by using
any linear programming software package such as CPLEX [4]. It would be a very significant contribution
if the sufficient conditions can be modified so as to become necessary and sufficient conditions. This
may be an extremely difficult task given that AVE is NP-hard.
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